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Mean Shift Tracking Algorithm based on Spatial Edge Orientation Histograms
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( The Key Laboratory of Embedded System and Service Computing , Ministry of Education, Tongji University ,Shanghai 200092 )

Abstract Traditional mean shift tracking algorithm based on color histogram or-spatial color histogram sometimes fails to get
accurate results under intricate conditions, such as scale modifications occur to the objects. That is because the histograms based
on color cannot distinguish objects and background have the same color. This paper presents a new mean shift algorithm based on
spatial edge orientation histograms, using space distribution and texture information as matching information. Experiments proved

the new algorithm can deal with intricate conditions, such as occlusion, different luminance and scale modifications, and track

objects accurately, effectively and real time. The new algorithm also overcomes the limitations of the traditional one.
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Fig. 1 Mean Shift algorithm flow chart
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Fig. 3 Grad orientation images
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Fig. 4 Edge orientation histograms and spatial edge orientation histograms
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